
 
 
 
 
 
Environmental Engineering and Management Journal                                                      November 2019, Vol. 18, No. 11, 2441-2453 

http://www.eemj.icpm.tuiasi.ro/; http://www.eemj.eu 
 

 

 

 
 

 
 
 

“Gheorghe Asachi” Technical University of Iasi, Romania 
 

 

 

 

MULTICRITERIA OPTIMIZATION OF RENEWABLE-BASED 

POLYGENERATION SYSTEM FOR TERTIARY SECTOR BUILDINGS 
 

Bruno Campos Teixeira de Carvalho1, Caio Tácito Miranda Castro Bezerra de Melo1, 
Alberto Jaime Romero Freire2, Shoaib Khanmohammadi3, Monica Carvalho4 

 
1Graduate Program in Mechanical Engineering, Federal University of Paraíba. Brazil 

2Department of Control Engineering and System Analysis, Université Libre de Bruxelles, Belgium 
3Department of Mechanical Engineering, Kermanshah University of Technology, Iran 
4Department of Renewable Energy Engineering, Federal University of Paraíba, Brazil 

 

 
Abstract 
 
This manuscript presents the bicriteria optimization of a polygeneration system to be installed in a tertiary sector building, 
considering economic and environmental objective functions. Electricity, hot water, steam, and cooling demands were considered. 
The bicriteria problem considered the annual costs and the annual carbon footprint. Updated environmental information was 
obtained through the application of the Life Cycle Assessment methodology and implemented within a Mixed Integer Linear 
Programming (MILP) model, along with economic and legal data. Solar photovoltaic energy and biomass were available, as well 
as natural gas and diesel. The energy system could import and export electricity to the electric grid. Individual optimal solutions 
were obtained from economic (annual costs) and environmental (annual carbon footprint) viewpoints were different, and the -
constraint method was utilized to tackle these conflicting objectives. It was verified that significant reductions in annual costs could 
be obtained if the annual carbon footprint was partially compromised. A configuration based on one gas engine, two biomass boilers 
and three mechanical chillers was recommended, with an annual carbon footprint of 2,895,909 kg CO2-eq/year (approximately 
570,000 kg CO2-eq/year less each year in comparison with the economic optimal) at a total annual cost of R$ 1,429,435. 
+ 
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1. Introduction 
 

The increase in world energy demands verified 
throughout the last decades has been mainly caused by 
increases in population and the consequent increase in 
the consumption of energy. Environmental 
consciousness did not accompany industrialization 
and over the years, there has been a progressive 
increase in environmental degradation and resource 
depletion. However, recent years have introduced a 
gradual awareness and consequent change in habits 
referring to the way in which natural resources should 
be used, emphasizing the utilization of renewable 
resources, in such a way that consumerism (still 
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increasing) has been timidly guided by environmental 
awareness (Carvalho et al., 2016). Since the Rio 92 
conference, the environmental impacts associated 
with consumption have emerged as a question related 
to sustainability proposals, and it has become 
increasingly clear that different lifestyles contribute 
differently to environmental degradation. Lifestyles 
that make intensive use of natural resources 
(populations of the most industrialized countries) have 
been contributing to a significant share of the current 
environmental crisis. 

There are different strategies for the design of 
energy supply and conversion systems. The 
conventional manner employs individual energy 
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conversions (e.g., boilers, mechanical chillers) to meet 
the energy demands of a consumer center. However, 
more exotic technologies (such as absorption chillers 
or Fischer-Tropsch units) can be installed with the 
utilization of energy integration concepts - energy 
flows of different equipment are combined, such as in 
polygeneration. Also, less conventional energy 
resources can be taken into consideration, such as 
landfill gas (Chacartegui et al., 2015; Nascimento et 
al., 2019) and urban pruning waste (Araújo et al., 
2018; Palander and Hietanen, 2018). The primary 
motivation for the consideration of polygeneration 
herein is to help ensure reduced costs through 
improvements in the efficiency of energy resource 
consumption while also achieving low carbon 
footprints. 

Mathematical programming models based on 
Mixed Integer Linear Programming (MILP) have been 
widely applied to energy system optimization 
(Carvalho et al., 2017; Pina et al., 2017a; Yokoyama 
et al., 2015; Zatti et al., 2018). Although 
polygeneration has been applied to the provision of 
energy services for the residential-commercial sector 
(Carvalho et al., 2011; Carvalho et al., 2013; Carvalho 
et al., 2014; Lozano et al., 2009) detailed studies on 
multi-objective optimization (MOO) are still scarce 
(Carvalho et al., 2012). Whereas in single-objective 
functions the optimal corresponds to extreme 
solutions (minimum or maximum) of the objective 
function of the problem, the consideration of a 
multiobjective function allows different points of view 
to be considered simultaneously, which is especially 
interesting in the case of individually divergent 
solutions. A multiobjective framework for the 
sustainable design of polygeneration systems was 
presented by Pina et al. (2018), and a review of multi-
criteria decision making towards sustainable 
renewable energy development was reported by 
Kumar et al. (2017). The limits and potentials of 
MILP-based methods for the optimization of 
polygeneration energy systems were reviewed by 
Urbanucci (2018). 

In MOO, the issue of conflicting objective 
functions (such as environmental and economic ones) 
is addressed, obtaining an optimal solution that meets 
a balance between the criteria analyzed. Although 
there are many projects where the main criterion 
employed is purely economic (Romero et al., 2014), 
environmental concerns have been increasingly 
adopted and analyzed when planning energy supply 
systems, even being chosen as the only focus of 
optimization (Carvalho et al., 2011; Carvalho, et al., 
2016). Theodosiou et al. (2015) discussed how to 
integrate the environmental management aspect in the 
optimization of energy systems. 

Besides MILP, other approaches, such as 
genetic algorithms, can be employed to address the 
issue of MOO in different energy systems: e.g., 
Shahsavar and Khanmohammadi (2019), who 
optimized energy and exergy assessments, and 
Khanmohammadi et al. (2018a), who optimized 
cooling capacity and annual costs. A two-stage 

stochastic optimization algorithm was developed by 
Urbanucci and Testi (2018), adopting the Monte Carlo 
method for the definition of a multi-objective 
optimization problem applied to an Italian hospital. 
An operational optimization method based on the 
moving average of real-time measurements of energy 
demands and ambient conditions was proposed by 
Urbanucci et al. (2018), and applied to a district 
heating and cooling network located in Spain. 

Research on the optimal synthesis of energy 
supply systems could benefit from further research; 
more concretely, the consideration of sometimes 
contradictory objective functions simultaneously. The 
behavior of optimal configurations regarding the 
dynamics of economic and environmental 
performances is uncertain and should be further 
investigated. Unique difficulties arise in the design of 
energy supply systems for buildings due to the 
variability of energy loads throughout the day and 
throughout the year (seasonal behavior), different 
energy utility tariffs with on- and off-peak values, and 
wide variability of technology options for equipment. 
However, these characteristics offer potential for 
innovation and are not seen as insurmountable.  

The study presented herein builds upon 
research developed by Carvalho et al. (2016) and 
Delgado et al. (2018a) by considering economic and 
environmental objective functions in the optimization 
of an energy supply system. Also, since Aquila et al. 
(2017) discussed that Brazil still underexploits 
renewable energy sources, with utilization/installation 
incompatible with the potential of the country, 
photovoltaic solar energy and sugarcane bagasse 
(biomass) were considered herein as available energy 
utilities, along with the legal scenario established by 
the Brazilian Agency of Electricity (Brazil, 2015).  

The objective of the study presented herein is 
to implement bicriteria consideration within an 
optimization model. Environmental information, 
obtained from the application of the Life Cycle 
Assessment methodology, was introduced in an 
optimization model based on MILP. The bicriteria 
optimization considers carbon footprint data and 
economic costs. This study considers solar energy 
(photovoltaic solar panels) and biomass as indigenous 
resources available on site, besides more traditional 
energy sources such as natural gas and diesel.  

 
2. Material and methods 

 
2.1. Energy demands, equipment and energy utilities  

 
A medium-sized (420 beds) university hospital 

was considered herein, located in João Pessoa 
(Northeast Brazil GPS-coordinates 7° 7' 10" S, 34° 50' 
42" W). The energy demands considered are 
electricity, sanitary hot water, steam (for laundry and 
sterilization purposes) and cooling. As the operation 
of hospitals is regular throughout the year, two days 
were selected to represent each month of the year 
(weekday and weekend/holidays), yielding 24 
representative days.  
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Electricity demands are obtained from energy 
reports provided by the electrical engineering staff of 
the university. Sanitary hot water and cooling 
demands are obtained from the application of the 
degree-days approach (Erbs et al., 1983), utilizing 
climate (Climaticus 4.2, 2005) and occupation data 
(Nepote et al., 2009). Daily energy demands are 
available in hourly intervals (24h) for each day and 
shown in Figs. 1-3. Steam demands are calculated in 

accordance with the schedules of the laundry and 
sterilization facilities within the hospital: steam 
demand is constant during 6 and 20 h (operation of the 
sterilization central) to which the contribution of the 
steam demand of the hospital restaurant is added 
during lunch and supper times. The hot water demand 
presents two contributions: laundry (between 8 and 18 
h) and regular, non-stop internal use of the hospital.
  

 

(a) (b) 
 

Fig. 1. Electricity demands of the hospital (a) weekdays (b) weekend days 
 

 
 

Fig. 2. Hot water demands of the hospital   
 

 
(a) (b) 

 
Fig. 3. Cooling demands of the hospital (a) weekdays (b) weekend days 
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Regarding the equipment and energy 

resources, a representation of alternatives available on 
site should encompass all possible alternatives for 
satisfying the energy demands of the consumer center. 
Solution of the mathematical program will extract the 
optimal solution from this representation, which 
includes all operations (imports, exports, energy 
conversions), and energy utility units and flows, 
embedded in such a way that all alternatives can be 
analyzed (Fig. 4). 

The available energy resources are electricity 
(EE), diesel (DI), biomass (BM), and natural gas 
(NG). These resources can be utilized in single- or 
multiple- energy conversions, yielding the energy 
services steam (VA), sanitary hot water (HW), cooling 
water (CW), and chilled water (CO). Surplus heat can 
be evacuated into ambient air (AA). Fig. 5 shows a 
representation of the energy resources available (lines) 
and technologies (columns), and how they interact 
with each other. HX refers to heat exchanger. 

 
2.2. Technical, economic and environmental data 

Table 2 shows the technical, economic, and 
environmental characteristics of the commercially 
available equipment considered herein. The lines  
indicate the equipment available, and the columns 
indicate the energy utilities. The productive capacity 
of the equipment is indicated by a bold number, 
followed by coefficients that indicate whether an 
energy flow is produced (+) or consumed (-). Table 2 
includes the updated carbon footprints associated with 
each superstructure technology, utilizing data from 
Carvalho et al. (2016) that was introduced into 

Simapro 8.4.0.0 (PréConsultants, 2017) with 
Ecoinvent 3.3 (Wernet et al., 2016). 

Carbon footprints were calculated considering 
all stages: construction (extraction of raw materials, 
processing, and transportation), operation, 
maintenance, dismantlement and disposal. Following 
Carvalho et al. (2016), recycling was considered for 
all equipment and all waste flows (lubricating oil, 
wastewater, Li-Br etc.) received adequate treatment 
before disposal. The reader is directed to Carvalho et 
al. (2016) for more details on Life Cycle Assessment 
(LCA) for these equipment and energy services. CI 
refers to the capital cost of each technology, and O&M 
costs correspond to operation and maintenance costs. 
Pnom is the nominal power, and CFE is the carbon 
footprint associated with each technology. 

The photovoltaic (PV) system includes PV 
panels and inverters. Data are obtained from PV panel 
(Kyocera, 2014) and inverter (Santerno, 2014) 
manufacturers. The capital cost is R$2202/m2 and 
includes panels, inverter, installation equipment, 
transportation and assembly. The photovoltaic panel 
area is 1.64 m2 and presents an average efficiency of 
15%. The annual maintenance costs are R$25/m2. 
Hourly radiation information (in W/m2) is available 
from the Climaticus database (2005). 

The tariffs for grid-imported electricity (mix) is 
R$ 298/MWh for peak periods (between 18 h and 21 
h) and R$ 190/MWh for off-peak periods. The 
electricity mix considered the 2015 average (ONS, 
2017) for the state of Paraíba, for the supply for low 
voltage electricity to the final user (hydro 36.21%, oil 
40.85%, and wind 22.94%). 
 

 

 
 

Fig. 4. Concept of superstructure (Yokoyama et al., 2015) 
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Fig. 5. Representation of available energy utilities and equipment 
 

Table 2. Updated matrix of technical production coefficients and technologies 
 

Technical production coefficients Equipment 
  

NG 
 

BM 
 

DI 
 

VA 
 

HW 
 

CW 
 

AA 
 

CO 
 

EE 
Cost 
CI 

(103 
R$) 

Cost 
O&M 
(R$/ 

MWh) 

PNOM 
(MW) 

CFE 
(kg 

CO2-
eq) 

Gas engine -2.66    1.10 0.45   1 463.00 15.00 0.41 3.53 
(102) 

Diesel 
engine  

  -2.66  0.80 0.50   1 227.00 15.00 0.40 6.97 
(106) 

Steam 
boiler  

 -1.40  1      51.00 8.00 0.25 2.73 
(106) 

Steam 
boiler  

-1.18   1      47.90 2.00 0.30 2.22 
(106) 

Steam boil     1     -1.15 42.50 2.00 0.15 2.22 
(106) 

HX 1    -1.10 1     8.90 2.00 0.40 1.50 
(103) 

Hot water 
boiler  

 -1.25   1     62.50 8.00 0.17 2.73 
(106) 

Hot water 
boiler 

-1.22    1     49.30 2.00 0.30 2.22 
(106) 

Hot water 
boíler 

    1    -1.11 28.20 2.00 0.15 2.22 
(106) 

HX 2     -1.10 1    7.40 2.00 0.40 1.47 
(103) 

Absorption 
chiller (2x) 

   -0.77  1.77  1 -0.01 465.20 10.00 0.45 2.27 
(105) 

Absorption 
chiller (1x) 

    -1.32 2.32  1 -0.01 539.70 10.00 0.49 3.04 
(105) 

Mechanical 
chiller 

     1.21  1 -0.21 217.40 4.00 0.27 5.23 
(103) 

Cooling 
Tower 

     -1.00 1  -0.02 28.00 10.00 1.00 9.71 
(103) 

 
The carbon footprint (CF) associated with the 

consumption of 1 kWh of electricity from the electric 
grid is 0.605 kg CO2-eq. For natural gas and diesel, 
there are no variations in tariff according to the time 
of consumption. The tariffs are, respectively, R$ 
293/MWh (PBGAS, 2017) and R$ 290/MWh. The 

carbon footprints are, respectively, 0.254 kg CO2-
eq/kWh and 0.333 kg CO2-eq/kWh.  

Sugarcane bagasse is considered herein, at R$ 
52/MWh (Delgado et al., 2018a; 2018b) and 0.099 kg 
CO2-eq/kWh. The LHV of bagasse is 15.4 MJ/kg dry 
matter (DM) and dry matter content is 0.787kg DM/kg 
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fresh bagasse, and it is considered that 1% of dry mass 
is converted into ash. 

The system is allowed to export self-generated 
surplus electricity to the electric grid, considering the 
credit compensation scheme set out by the Brazilian 
electricity agency (Brazil, 2015). This compensation 
scheme awards energy credits that are valid for up to 
60 months. This special condition applies to 
photovoltaic- and natural gas- generated electricity 
(also covering cogeneration schemes, which could be 
a possibility). The electricity exported to the electric 
grid is evaluated at the same carbon footprint as the 
electricity imported from the grid, leading to the 
concept of avoided carbon footprint: electricity 
generated by the PV panels is consumed (lower CF), 
instead of importing electricity from the grid (higher 
CF). 

 
2.3. Optimization model 

 
The optimization model addresses two aspects: 

the configuration of the system and how it should 
operate throughout an operational year. The 
optimization model (based on MILP) is implemented 
in LINGO 11.0 (2015), a solver that combines branch 
and bound and simplex methods in its solution 
algorithm. The economic objective function considers 
the total annual cost Ctot (in R$/y), which minimized 
fixed and operational costs (Eq. 1): 
 
𝑀𝑖𝑛 𝐶  𝐶 𝐶          (1) 

 
The annual capital cost of the equipment, 𝐶 , 

can be expressed as (Eq. 2): 
 

      NPVCPViCIiNEIFICCRFC fix )()(   (2) 

 
Where NEI (i) and CI(i) are the number of pieces of 
installed equipment and the capital cost of each 
installed equipment for technology i. NPV indicates 
the number of installed PV panels, and CPV indicates 
the individual capital cost. Lifetime is considered 15 
years for the system, with an interest rate of 10%, 
obtaining a capital recovery factor CRF = 0.13. FIC 
refers to a factor of indirect costs, which agglutinates 
engineering and supervision expenses, legal expenses, 
contractor’s fees and contingencies, assumed to be 
equal to 15% of the equipment investment costs (FIC 
= 0.15). The annual operation cost Cope relates to the 
operation of the system and can be expressed as (Eq. 
3): 
 













 )h,d(FP)h,d(FP

)h,d(EP)h,d(EP)h,d(FP
C

didibmbm

eeeieengng

d h
ope

  

(3) 
 
Fng is the consumption of natural gas, and Ei 

and Ee refers to the imported and exported electricity 
from the national electric grid, respectively. Fbm is the 
consumption of biomass, and Fdi is the consumption 
of diesel. P corresponds to the price or tariff of the 

associated energy resource. For each time interval 
considered, the production of energy is restricted to 
the installed capacity of equipment and an energy 
balance must be fulfilled for each utility (Eq. 4): 

 
Production  Consumption
Imports –  Demand  0           (4) 

 
Equation (4) is modified only for electricity, 

because of the possibility of self-generating electricity 
in the PV panels (EEPV) and exporting electricity to 
the grid, as shown by Equation (5): 

 
For electricity, and for each hour, and each day: 
 

Production  Consumption 𝐼𝑚𝑝𝑜𝑟𝑡𝑠
𝐸𝑥𝑝𝑜𝑟𝑡𝑠 𝐷𝑒𝑚𝑎𝑛𝑑 𝐸𝑃𝑃𝑉 𝑂        (5) 
 
𝐸𝐸𝐸𝑃𝑉  𝑁𝑃𝑆  𝐴  𝑅𝑎𝑑 /1000   𝑒𝑓        (6) 

 
N𝑃𝑆  𝑁𝑃𝑉             (7) 
 

Equation (6) defines the electricity produced 
by the PV panels, as a consequence of the radiation 
absorbed during each hour, for each day. A represents 
the surface of each panel (m2), eff is the efficiency of 
each panel (manufacturer data), Rad is the global 
radiation per surface unit in horizontal plane (Wh/m2, 
J/m2), due to the geographic location. NPV is the 
number of PV panels installed, and NPS is the number 
of active PV panels for each time interval considered 
in the balance equations. NPS represents the degree of 
utilization of the panels. Operation is subject to 
capacity restrictions, production limitations, and 
balance equations (the reader is directed to Carvalho 
et al. (2016) for more details). 

Regarding the environmental aspect, the total 
annual carbon footprint (CFtot) is considered within 
the environmental objective function (Eq. 8): 

 
𝑀𝑖𝑛 𝐶𝐹  𝐶𝐹 𝐶𝐹          (8) 
 
where CFfix denotes the carbon footprint associated 
with equipment and CFope indicates the carbon 
footprint associated with the consumption of energy 
resources (Eq. 9): 

 

 
  











  NPVCOPV

)i(CFE)i(NEI
famCF efix   

(9) 
 

The environmental amortization factor fame is 
considered as 0.10 y-1, and COPV refers to the carbon 
footprint associated with a PV panel. The annual 
operation carbon footprint (CFope) is associated with 
the operation of the system and imports/exports of the 
different energy utilities (Eq. 10):  
 















)h,d(FCF)h,d(FCF

)h,d(ECF)h,d(ECF)h,d(FCF
CF

didibmbm

eeeieengng

d h
ope

                                                                           (10) 
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where CF refers to the carbon footprints associated 
with the consumption of the different energy utilities.  

 
2.3.1. Multiobjective optimization model 

The method selected to address the issue of 
bicriteria optimization is the ε -constraint, which is 
probably the best-known technique to solve 
multicriteria optimization problems (Ehrgott, 2013). 
The optimization model is solved separately for each 
objective, and then one objective is minimized, while 
the others are converted into constraints (Bérubé et al., 
2009; Chircop and Zammit-Mangion, 2013; Marler 
and Arora, 2004; Mavrotas, 2009; Pirouz and 
Khorran, 2016; Yang et al., 2014).  

Herein the economic objective was minimized, 
represented by (Eq. 1), subject to the constraints of the 
environmental objective, as shown in (Eq. 11). 

 
Minimize total annual costs, subject to: 
 

   q,...3,2iCF itot                    (11) 

   supiinf CFLimCFLim 
 

 
The original individual optimization problems 

are solved separately a priori to obtain the minimal 
economic and minimal environmental solutions, 
providing, respectively, Lim CFsup and Lim CFinf. The 
range [Lim CFinf; Lim CFsup] is divided into intervals, 
and the problem is repeatedly solved for different 
values of  to generate the entire set of solutions. 
Along [Lim CFinf; Lim CFsup], different solutions can 
be obtained, with different configurations and 
installed capacities. Each value found at the solution 
frontier will represent an ideal solution for that 
proposed constraint, including optimal configuration 
and operation, which can vary for each separate 
analysis.  
 
 

3. Results and discussion 
 
Based on the energy demands of the consumer 

center and on the economic, legal and environmental 
data available, the optimization model is solved by 
LINGO v11.0 (Lindo Systems, 2017). Each single-
objective MILP problem involved 130,272 total 
variables, 2333 integer variables and 86,441 
constraints, with an average CPU solution time of 21 
seconds on an Intel® Core ™ i5 of 1700 MHz 
processor with a 4GB memory size. 

The solution of each individual optimization 
problem provided the extreme limits: Lim = 
2,568,833 kg CO2-eq/year (environmental optimal) 
and Lim = 3,464,703 kg CO2-eq/year (economic 
optimal). Table 3 shows environmental and economic 
optima solutions. The number that accompanies the 
equipment indicates the number of installed sets and 
the power. 

The environmental optimal solution presents 
carbon footprint 26% lower than the economic 
optimal, while its annual costs are 283% higher. A 
significant increase is required in the annual costs to 
obtain a moderate reduction in the total annual 
emissions.  

Table 4 represents the CF limitations for , and 
for each configuration, E = gas engine, B = boiler 
(preceded by its fuel), SA = single effect absorption 
chiller, and M = mechanical chiller. E* means that 
electricity is exported into the electric grid. The 
number before the component indicates the number of 
installed components. 

Fig. 6 illustrates the relationships between total 
cost and total emissions obtained for each intermediate 
situation (blue circles), in addition to the 
environmental (green squares) and economic (red 
diamonds) optima. Table 5 represents the main 
characteristics of solutions A, B, C and D. 

Table 3. Optimal solutions for the hospital energy supply system 
 

  Economic Optimal CF optimal 
 Composition of system  Number (Installed Power) Number (Installed Power) 
 Gas engine 0 (0 MW) 2 (0.820 MW) 
 Diesel engine  0 (0 MW) 0 (0 MW) 
 Steam boiler (NG) 0 (0 MW) 0 (0 MW) 
 Steam boiler (BM) 1 (0.250 MW) 1 (0.250 MW) 
 Steam boiler (EE) 0 (0 MW) 0 (0 MW) 
 Heat exchanger (VA-HW) 1 (0.400 MW) 1 (0.400 MW) 
 Hot water boiler (NG) 0 (0 MW) 0 (0 MW) 
 Hot water boiler (BM) 3 (0.510 MW) 0 (0 MW) 
 Hot water boiler (EE) 0 (0 MW) 0 (0 MW) 
 Heat exchanger (HW-CW) 0 (0 MW) 1 (0.400 MW) 
 Double-effect absorption chiller 0 (0 MW) 0 (0 MW) 
 Single-effect absorption chiller 0 (0 MW) 1 (0.490 MW) 
 Mechanical chiller 3 (0.810 MW) 1 (0.270 MW) 
 Cooling tower 1 (1.000 MW) 2 (2.000 MW) 
 Photovoltaic panels 200 units 200 units 

M
W

h/
ye

ar
 Imported electricity 3226 1,142 

PV electricity 129 129 
Electricity credits -- 1,552 
Natural gas imports -- 9,031 
Diesel imports  -- -- 
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Biomass imports  2635  599  
R

$/
ye

ar
 

Cost of electricity imports 663,451 221,739 
Credit with electricity exports -- 330,413 
Cost of natural gas imports -- 2,646,159 
Cost of diesel imports -- -- 
Cost of biomass imports  137,045 31,165 
Operation and Maintenance costs 54,170 133,733 
Annual cost of equipment 195,932 270,057 
TOTAL annual cost  1,050,598 2,972,440 

kg
 C

O
2-

eq
/y

ea
r CF for electricity imports  1,951,900 691,123 

CF for electricity exports -- -938,995 
CF for natural gas imports  -- 2,293,940 
CF for diesel imports  -- -- 
CF for biomass imports  260,913 59,333 
CF for equipment  1,251,890 463,433 
TOTAL annual CF 3,464,703 2,568,833 

 
Table 4. 𝜀 -constraint approach based on carbon footprint and costs. 

 
Solutions Limsup() 

kg CO2-eq/y 
Carbon Footprint 

 kg CO2-eq/y 
Minimal cost 

R$/y 
Configuration 

 
 Optimal environmental 2,568,833 2,972,440 2E 1BMB  1SA 1M E* 

D 2,600,000 2,599,974 2,109,694 1E 1BMB 1SA 2M E* 
C 2,700,000 2,616,478 2,002,849 1E 1BMB 3M E* 
C 2,800,000 2,616,478 2,002,849 1E 1BMB 3M E* 
C 2,900,000 2,895,909 1,429,435 1E 2BMB 3M E* 
C 3,000,000 2,942,745 1,310,980 1E 2BMB 3M E* 
C 3,100,000 2,942,745 1,310,980 1E 2BMB 3M E* 
B 3,200,000 3,187,922 1,095,422 1GNB 2BMB 3M 
A 3,300,000 3,246,853 1,073,399 3BMB 3M 
 Optimal economic 3,463,703 1,050,598 4BMB 3M 

 

 
 

Fig. 6. Annual cost vs. annual carbon footprint 
 

Table 5. Characteristics of solutions A, B, C and D 
 

  A B C D 
 System composition Number Number Number Number 
 Gas engine 0 0 1 1 
 Diesel engine  0 0 0 0 
 Steam boiler (NG) 0 0 0 0 
 Steam boiler (BM) 3 1 1 1 
 Steam boiler (EE) 0 0 0 0 
 Heat exchanger (VA-HW) 2 1 1 1 
 Hot water boiler (NG) 0 1 0 0 
 Hot water boiler (BM) 0 1 0 0 
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 Hot water boiler (EE) 0 0 0 0 
 Heat exchanger (HW-CW) 0 0 1 1 
 Double-effect absorption chiller 0 0 0 0 
 Single-effect absorption chiller 0 0 0 1 
 Mechanical chiller 3 3 3 2 
 Cooling tower 1 1 2 2 

M
W

h/
ye

ar
 Imported electricity 3.226 3.226 1763 1640 

PV electricity 129 129 129 129 
Electricity credits --- --- 210 311 
Natural gas imports --- 191 4513 4891 
Diesel imports  --- --- --- --- 
Biomass imports  3,191 2,622 977 908 

R
$/

ye
ar

 

Cost of electricity imports 663,451 663,451 353,922 325,551 
Credit with electricity exports --- --- - 38,342 - 73,142 
Cost of natural gas imports --- 56,035 1,322,281 1,433,163 
Cost of diesel imports --- --- --- --- 
Cost of biomass imports  165,934 136,332 50,811 47,209 
Operation and Maintenance costs 59,534 54,989 81,767 86,318 
Annual cost of equipment 184,480 184,615 840,411 290,595 
TOTAL annual cost  1,073,399 1,095,422 2,002,849 2,109,694 

kg
 C

O
2-

eq
/y

ea
r CF for electricity imports  1,951,900 1,951,900 1,066,712 992,190 

CF for electricity exports --- --- - 127,290 - 188,417 
CF for natural gas imports  --- 48,577 1,146,277 1,242,401 
CF for diesel imports  --- --- --- --- 
CF for biomass imports  315,913 259,555 96,735 89,879 
CF for equipment  979,040 927,890 434,043 463,920 
TOTAL annual CF 3,246,853 3,187,922 2,616,478 2,599,974 

 
Due to the large gap between the purely 

environmental and economic optimal solutions, the 
recommendation of a balanced situation would be the 
most appropriate in this case, as energy demands 
would be met still at a considerably low cost with 
lower carbon footprint throughout the year, without 
individually affecting one aspect. 

Considering a good trade-off between annual 
carbon footprint and annual cost, and after verifying 
how the carbon footprint decreased with increases in 
costs versus an increase in cost for each point of the 
interval, configuration C is recommended, with 
Lim  = 2,900,000 kg CO2-eq/year. Point C 
(configuration 1E 2BMB 3M E*) represented the 
preferred solution in the interval [Lim , Lim ], 
with an annual carbon footprint of 2,895,909 kg CO2-
eq/year (approximately 570,000 kg CO2-eq/year less 
each year in comparison with the economic optimal) 
at a total annual cost of R$ 1,429,435.  

Further sensitivity analysis can be carried out 
to explore economic or policy-related actions and is 
very useful to verify the impacts associated with a 
change in a specific variable if it differs from what was 
previously assumed. Price sensitivity can be assessed 
by the solution map depicted by Fig. 7. As mentioned 
by Carvalho et al. (2013), the term resilience expresses 
the ability of the system to withstand expected 
changes (flexibility) as well as unexpected changes 
(robustness). Biomass and natural gas prices are 
varied to verify the resilience of a specific design to 
changes in the economic scenario. The total annual 
cost of the explored solutions is presented in Fig. 8 and 
the corresponding configurations numbered in Fig. 7 
are described in Table 6. In order to show different 
topologies, the price range for biomass has been 

chosen well above the nominal price (R$ 52/MWh). 
As shown in Fig. 7, there exist price regions with a 
dominant topology, smoothly separated one from each 
other. For the range of prices selected, the main driver 
for the total annual cost increase is the price of 
biomass (Fig. 8), while the most robust topology is 
solution 1 (Table 6). 

 
 

Fig. 7. Sensitivity analysis: resilience map 
 

The uncertainties that affect investment 
decisions are mainly related to future emission targets 
and policies, which imply that the optimization of the 
system not only depends on the economic criterion but 
also on environmental impacts. These issues will 
provide better information for decision-making, 
possibly resulting in a more robust solution (Svensson 
and Berntsson, 2005). Also, uncertainties in energy 
demands can also have a significant effect, as 
mentioned by Urbanucci and Testi (2018). 
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Fig. 8. Sensitivity analysis: total annual cost map 
 

Table 6. Optimal solutions obtained by the sensitivity 
analysis: configurations 

 
Solution 1 2 3 

System composition    
Gas engine 0 0 0 
Diesel engine 0 0 0 
Steam boiler (NG) 0 0 0 
Steam boiler (BM) 1 1 1 
Steam boiler (EE) 0 0 0 
Heat exchanger (VA-HW) 1 0 1 
Hot water boiler (NG) 0 1 2 
Hot water boiler (BM) 3 2 0 
Hot water boiler (EE) 0 0 0 
Heat exchanger (HW-CW) 0 0 0 
Double-effect absorption chiller 0 0 0 
Single-effect absorption chiller 0 0 0 
Mechanical chiller 3 3 3 
Cooling tower 1 1 1 

 
MOO techniques can provide valuable 

information that is required for detailed analyses of 
design trade-offs between different, conflicting 
objectives. For example, if the energy system installed 
must present both low costs and low emissions, a 
range of optimal options will be provided, from the 
lowest cost (but highest emissions) alternative to the 
highest cost (but lowest emissions), along with a range 
of designs in between these extreme - these are the 
most interesting to the decision-maker. 

As mentioned by Antipova et al. (2013), MOO 
has been progressively employed in a wide variety of 
applications, including the energy sector, which is not 
an exception to this trend. Although the purpose is to 
identify alternatives that balance several criteria, 
economic aspects are usually one of the objectives 
considered in MOO. Khanmohammadi et al. (2018b, 
2018c) consider that the inclusion of economic aspects 
can provide a more realistic design of energy systems, 
further than environmental analysis on its own. 

Brazilian studies utilizing MOO include the 
contracting of wind-photovoltaic projects connected 
to the Brazilian electric system (Aquila et al., 2018). 
The Brazilian government can determine that the 
wind-PV projects participating in lower-priced 
auctions are optimally configured to meet the 

objective of maximizing the socioeconomic well-
being produced by the electricity sector.  

Future work by the authors includes the 
consideration of hourly emission data associated with 
the consumption of electricity from the Brazilian 
electric grid (herein a constant annual average factor 
was considered). From an economic viewpoint, hourly 
electricity prices are well-established, as mentioned by 
Pina et al. (2017b), who have already raised awareness 
on the lack of hourly CO2 emission data associated 
with the Spanish electric grid. Also, following 
Fernández et al. (2019), energy storage with 
integration of solar energy is being further 
investigated. Different indigenous energy sources can 
be considered to diversify the superstructure, such as 
bioelectricity (Carvalho et al., 2019; Melo et al., 
2019). 

Finally, it was verified that a considerable 
decrease in costs can be attained if the environmental 
performance of the system can be compromised. 
Consideration of more than one objective at a time 
targets a more sustainable design of energy supply 
systems, by guiding decision-makers towards the 
adoption of alternatives that cause less environmental 
effects. Perhaps still not a reality for Brazilian settings, 
but limitation or reductions in emissions are already 
being enforced by some countries, even if this means 
an increase in costs. Mitigation of climate change 
could, at some point, require the implementation of 
stricter cap-and-trade regulations, and further research 
on MOO could contribute to help solve the issue. A 
resilience map, such as the one shown in Fig. 7, can 
provide a wider perspective on the range of 
adaptability of a specific configuration.  

As mentioned by Carvalho et al. (2013), further 
research is required on efficiency, flexibility, and 
robustness, rather than utilizing traditional methods 
for analyzing cost, benefits, and risk. Design of energy 
systems should nowadays consider not only technical 
but also economic and environmental uncertainties 
(i.e., we cannot predict how the future will unfold). 
 
4. Conclusions 
 

This study addresses the issue of MOO, 
through the development of bicriteria optimization of 
an energy system for a tertiary sector building. With 
the use of MILP, sets of Pareto optimal design 
alternatives are provided, highlighting the trade-offs 
involved in its analysis and evaluation as well as the 
important role of decision makers. 

The energy supply system is optimized 
regarding the specific energy demands of a hospital 
located in the city of João Pessoa, Northeast Brazil. 
The single-objective optimization model was adapted 
to the 𝜀-constraint method, and it is observed that 
significant decrements in the carbon footprint can be 
achieved if the economic performance is 
compromised. 

Comparison of the economic and 
environmental optimal solutions represents clearly 
different structures. Significant cost reductions can be 
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achieved if the designer is willing to compromise the 
system's environmental performance. The 
methodology presented here aimed to improve the 
sustainable design of energy supply systems, guiding 
traditional, purely economic decision makers to the 
adoption of alternatives that would cause less 
environmental effects, while still meeting the energy 
demands of the consumer center. 

A configuration based on one gas engine, two 
biomass boilers and three mechanical chillers was 
recommended. The operational mode included 
electricity exports to the grid. The annual carbon 
footprint was 2,895,909 kg CO2-eq/year 
(approximately 570,000 kg CO2-eq/year less each year 
in comparison with the economic optimal) at a total 
annual cost of R$ 1,429,435. 

MOO techniques widen the perspective single-
objective optimal energy systems, establishing a 
variety of solutions that optimize the project according 
to more than one objective at a time. As in most 
practical problems, the objective functions discussed 
here competed with each other and a global optimal 
solution could not be identified. 
 
Acknowledgements 
Monica Carvalho would like to thank CNPq (National 
Council for Scientific and Technological Development), 
Research Productivity Grant, nº 307394/2018-2. Alberto 
Romero wants to acknowledge the support of this research 
work under framework of the BATWAL project, funded by 
the Walloon Region (Belgium). Bruno C. T. Carvalho and 
Caio T. M. C. B. Melo acknowledge the financial support of 
CAPES (Coordination for the Improvement of Higher 
Education Personnel) through MSc. and Ph.D. scholarships, 
respectively. 
 
References 
 
Antipova E., Boer D., Cabeza L.F., Guillén-Gosálbez G., 

Jiménez L., (2013), Uncovering relationships between 
environmental metrics in the multiobjective 
optimization of energy systems: A case study of a 
thermal solar Rankine reverse osmosis desalination 
plant, Energy, 51, 50-60. 

Aquila G., Pamplona E.O., Queiroz A.R., Junior P.R., 
Fonseca M.N., (2017), An overview of incentive 
policies for the expansion of renewable energy 
generation in electricity power systems and the 
Brazilian experience, Renewable and Sustainable 
Energy Reviews, 70, 1090-1098. 

Aquila G., Rocha L.C.S., de Oliveira Pamplona E., de 
Queiroz A.R., Junior P.R., Balestrassi P.P., Fonseca 
M.N., (2018), Proposed method for contracting of 
wind-photovoltaic projects connected to the Brazilian 
electric system using multiobjective programming, 
Renewable and Sustainable Energy Reviews, 97, 377-
389. 

Bérubé J., Gendreau M., Potvin J., (2009), An exact ϵ-
constraint method for bi-objective combinatorial 
optimization problems: application to the traveling 
salesman problem with profits, European Journal of 
Operational Research, 194, 39-50. 

Araújo Y.R.V., de Góis M.L., Junior L.M.C., Carvalho M., 
(2018), Carbon footprint associated with four disposal 
scenarios for urban pruning waste, Environmental 
Science and Pollution Research, 25, 1863-1868.  

Brazil, (2015), ANEEL Normative Resolution N 687, 
Establishes the general conditions for the access of 
distributed micro- and mini-generation to the electricity 
distribution system, electricity compensation system, 
and other matters, On line at: 
http://www2.aneel.gov.br/cedoc/ren2015687.pdf.  

Carvalho M., Serra L.M., Lozano M.A., (2011), Optimal 
synthesis of trigeneration systems subject to 
environmental constraints, Energy, 36, 3779-3790. 

Carvalho M., Serra L.M., Lozano M.A., (2011), Geographic 
evaluation of trigeneration systems in the tertiary 
sector. Effect of climatic and electricity supply 
conditions, Energy, 36, 1931-1939. 

Carvalho M., Lozano M.A., Serra L.M., (2012), 
Multicriteria synthesis of trigeneration systems 
considering economic and environmental aspects, 
Applied Energy, 91, 245-254. 

Carvalho M., Millar D.L., (2012), Concept development of 
optimal mine site energy supply, Energies, 5, 4726-
4745. 

Carvalho M., Lozano M.A., Ramos J., Serra L.M., (2013), 
Synthesis of trigeneration systems: Sensitivity analyses 
and resilience, The Scientific World Journal, 12, 1-16. 

Carvalho M., Delgado D., Chacartegui R., (2016), Life cycle 
analysis as a decision criterion for the implementation 
of solar photovoltaic panels in as Northeast Brazil 
hospital, Energy, Transportation and Global Warming, 
1, 295-310. 

Carvalho M., Freire R.S., Brito A.M.V.G., (2016), 
Promotion of sustainability by quantifying and 
reducing the carbon footprint: new practices for 
organizations, Energy, Transportation and Global 
Warming, 1, 61-76. 

Carvalho M., Segundo V B.D.S., De Medeiros M.G., Dos 
Santos N.A., Junior L.M.C., (2019), Carbon footprint 
of the generation of bioelectricity from sugarcane 
bagasse in a sugar and ethanol industry, International 
Journal of Global Warming, 17, 235-251. 

Climaticus 4.2, (2005), Climatic database. Project strategies 
for 58 Brazilian cities. INMET1961-1990 database. 
Beta version. Faculty of Architecture and Urbanization, 
University of São Paulo, Technology department, 
Laboratory of environmental comfort and energy 
efficiency, On line at: 
www.usp.br/fau/pesquisa/laboratorios/labaut/conforto/
Climaticus_4_2.xls. 

Carvalho M., Delgado D.B.M., Chacartegui, R., (2016), Life 
Cycle Analysis as a Decision Criterion for the 
Implementation of Solar Photovoltaic Panels in as 
Northeast Brazil Hospital, In: Energy, Transportation 
and Global Warming, Grammelis P. (Ed.), Springer, 
Berlin Heidelberg New York, 295-310. 

Chacartegui R., Carvalho M., Abrahao R., Becerra J., 
(2015), Analysis of a CHP plant in a municipal solid 
waste landfill in the South of Spain, Applied Thermal 
Engineering, 91, 706-717. 

Chircop K., Zammit-Mangion D., (2013), On-constraint 
based methods for the generation of Pareto frontiers, 
Journal of Mechanics Engineering and Automation, 3, 
279-289. 

Delgado D., Carvalho M., Junior L.M.C., Abrahao R., 
Charcategui R., (2018a), Photovoltaic solar energy in 
the economic optimization of energy supply and 
conversion, IET Renewable Power Generation, 12, 
1263-1268. 

Delgado D., Carvalho M., Junior, L.M.C., Chacartegui R., 
(2018b), Analysis of biomass-fired boilers in a 
polygeneration system for a hospital, Frontiers in 
Management Research, 2, 1-13. 



 
de Carvalho et al./Environmental Engineering and Management Journal 18 (2019), 11, 2441-2453 

 

 2452

Erbs D.G., Beckman W.A., Klein S.A., (1983), Estimation 
of degree-days and ambient temperature bin data from 
monthly-average temperatures, American Society of 
Heating, Refrigerating and Air-Conditioning 
Engineers Journal, 25, 60-65. 

Ehrgott M., (2013), Multicriteria Optimization, vol. 1, 
Springer Science & Business Media, Berlin, Germany. 

Fernandez R., Chacartegui R., Becerra A., Calderon B., 
Carvalho M., (2019), Transcritical Carbon Dioxide 
Charge-Discharge Energy Storage with Integration of 
Solar Energy. Journal of Sustainable Development of 
Energy, Water and Environment Systems, 7, 444-465. 

Khanmohammadi S., Goodarzi M., Khanmohammadi S., 
Ganjehsarabi H., (2018a), Thermoeconomic modeling 
and multiobjective evolutionary-based optimization of 
a modified transcritical CO2 refrigeration cycle, 
Thermal Science and Engineering Progress, 5, 86-96. 

Khanmohammadi S., Shahsavar A., (2018b), Energy 
analysis and multiobjective optimization of a novel 
exhaust air heat recovery system consisting of an air-
based building integrated photovoltaic/thermal system 
and a thermal wheel, Energy Conversion and 
Management, 172, 595-610. 

Khanmohammadi S., Atashkari K., (2018c), Modeling and 
multiobjective optimization of a novel biomass feed 
polygeneration system integrated with multi effect 
desalination unit, Thermal Science and Engineering 
Progress, 8, 269-283. 

Kumar A., Sah B., Singh A.R., Deng Y., He X., Kumar P., 
Bansal R.C., (2017), A review of multi criteria decision 
making (MCDM) towards sustainable renewable 
energy development, Renewable and Sustainable 
Energy Reviews, 69, 596-609. 

Kyocera, (2014), Kyocera Brasil, On line at: 
http://www.kyocera.com.br/. 

Lindo systems, (2017), Lingo 14.0, On line at: 
http://www.lindo.com. 

Lozano M.A., Ramos J.C., Carvalho M., Serra L.M., (2009), 
Structure optimization of energy supply systems in 
tertiary sector buildings, Energy and Buildings, 41, 
1063-1075. 

Marler R.T., Arora J.S., (2004), Survey of multi-objective 
optimization methods for engineering, Structural and 
multidisciplinary optimization, 26, 369-395. 

Mavrotas G., (2009), Effective implementation of the ε-
constraint method in multi-objective mathematical 
programming problems, Applied Mathematics and 
Computation, 213, 455-465. 

Melo F.M., Silvestre A., Carvalho M., (2019), Carbon 
footprints associated with electricity generation from 
biomass syngas and diesel, Environmental Engineering 
and Management Journal, 18, 1391-1397. 

Nascimento D.P., Menezes V.L., Carvalho M., Chacartegui 
R., (2019), Energy analysis of products and processes 
in a sanitary landfill, IET Renewable Power 
Generation, 13, 1063-1075. 

Nepote M.H.A., Monteiro I.U., Hardy E., (2009), 
Association between operational indices and 
occupation rates of a general surgery center, Revista 
Latino-Americana Enfermagem Journal, 17, 529-534. 

PBGÁS, (2017), Paraiba Gas Company, Tariffs, On line at: 
http://www.pbgas.com.br/?page_id=1477. 

Palander T.S., Hietanen A., (2018), Management planning 
method for sustainable energy production from forest 
biomass: development of an optimization system and 
case study for a Finnish energy plant, Environmental 
Engineering and Management Journal, 17, 685-696. 

Pina E.A., Lozano M.A., Serra L.M., (2018), A 
Multiobjective Framework for the Sustainable Design 

of Polygeneration Systems, Proc. World Sustainable 
Energy Days, WSED 2018, World Sustainable Energy 
Days - Young Energy Researchers Conference, Wels, 
Austria. 

Pina E.A., Lozano M.A.,  Serra L.M., (2017a), A 
Multicriteria Approach for the Integration of 
Renewable Energy Technologies and Thermal Energy 
Storage to Support Building Trigeneration Systems, 
Proc. International Solar Energy Society, Abu Dhabi, 
On line at: http://proceedings.ises.org .  

Pina E.A., Lozano M.A., Serra L.M., (2017b), Multicriteria 
Synthesis of Trigeneration Systems Assisted with 
Renewable Energy Sources and Thermal Energy 
Storage, Proc. American Society of Mechanical 
Engineers (ASME) 2017 Power Conf., Charlotte, vol. 
2, V002T12A001-V002T12A010.  

Pirouz B., Khorram E., (2016), A computational approach 
based on the [epsilon]-constraint method in multi-
objective optimization problems, Advances and 
Applications in Statistics, 49, 453-483. 

PréConsultants, (2017), SimaPro software, On line at: 
https://network.simapro.com/pre/. 

Romero A., Carvalho M., Millar D.L., (2014), Application 
of a polygeneration optimization technique for a 
hospital in Northern Ontario, Transactions of the 
Canadian Society for Mechanical Engineering, 38, 45–
62. 

Santerno, (2014), Carraro group webpage. Monophasic solar 
inverters, On line at: 
http://www.santerno.com/br/produtos/energia-
solar/inversores-solares-monofasicos.html. 

Shahsavar A., Khanmohammadi S., (2019), Feasibility of a 
hybrid BIPV/T and thermal wheel system for exhaust 
air heat recovery: Energy and exergy assessment and 
multiobjective optimization, Applied Thermal 
Engineering, 146, 104-122. 

Svensson E., Berntsson T., (2010), Economy and CO2 
emissions trade-off: A systematic approach for 
optimizing investments in process integration measures 
under uncertainty, Applied Thermal Engineering, 30, 
23-29.  

Theodosiou G., Stylos N., Koroneos C., (2015), Integration 
of the environmental management aspect in the 
optimization of the design and planning of energy 
systems, Journal of Cleaner Production, 106, 576-593. 

Urbanucci L., (2018), Limits and potentials of Mixed Integer 
Linear Programming methods for optimization of 
polygeneration energy systems, Energy Procedia, 148, 
1199-1205. 

Urbanucci L., Testi D., (2018), Optimal integrated sizing 
and operation of a CHP system with Monte Carlo risk 
analysis for long-term uncertainty in energy demands, 
Energy Conversion and Management, 157, 307-316. 

Urbanucci L., Testi, D., Bruno, J. C., (2018), An operational 
optimization method for a complex polygeneration 
plant based on real-time measurements, Energy 
Conversion and Management, 170, 50-61. 

Wernet G., Bauer C., Steubing B., Reinhard J., Moreno-Ruiz 
E., Weidema B., (2016), The ecoinvent database 
version 3 (part I): overview and methodology. The 
International Journal of Life Cycle Assessment, 21, 
1218–1230. 

Yang Z., Cai X., Fan Z., (2014), Epsilon Constrained 
Method for Constrained Multiobjective Optimization 
Problems: Some Preliminary Results, Proc. of the 
Companion Publication of the 2014 Annual Conference 
on Genetic and Evolutionary Computation, 1181-1186, 
ACM. 



 
Multicriteria optimization of renewable-based polygeneration system for tertiary sector buildings 

 

 2453

Yokoyama R., Shinano Y., Taniguchi S., Ohkura M., Wakui 
T., (2015), Optimization of energy supply systems by 
MILP branch and bound method in consideration of 
hierarchical relationship between design and operation, 
Energy Conversion and Management, 92, 92-104. 

Zatti M., Gabba M., Rossi M., Morini M., Gambarotta A., 
Martelli E., (2018),  Towards the optimal design and 
operation of multi-energy systems: The "Efficity" 
Project,  Environmental Engineering and Management 
Journal, 17, 2409-2419.

 
- 



<<
  /ASCII85EncodePages false
  /AllowTransparency false
  /AutoPositionEPSFiles true
  /AutoRotatePages /None
  /Binding /Left
  /CalGrayProfile (Dot Gain 20%)
  /CalRGBProfile (sRGB IEC61966-2.1)
  /CalCMYKProfile (U.S. Web Coated \050SWOP\051 v2)
  /sRGBProfile (sRGB IEC61966-2.1)
  /CannotEmbedFontPolicy /Error
  /CompatibilityLevel 1.4
  /CompressObjects /Tags
  /CompressPages true
  /ConvertImagesToIndexed true
  /PassThroughJPEGImages true
  /CreateJobTicket false
  /DefaultRenderingIntent /Default
  /DetectBlends true
  /DetectCurves 0.0000
  /ColorConversionStrategy /CMYK
  /DoThumbnails false
  /EmbedAllFonts true
  /EmbedOpenType false
  /ParseICCProfilesInComments true
  /EmbedJobOptions true
  /DSCReportingLevel 0
  /EmitDSCWarnings false
  /EndPage -1
  /ImageMemory 1048576
  /LockDistillerParams false
  /MaxSubsetPct 100
  /Optimize true
  /OPM 1
  /ParseDSCComments true
  /ParseDSCCommentsForDocInfo true
  /PreserveCopyPage true
  /PreserveDICMYKValues true
  /PreserveEPSInfo true
  /PreserveFlatness true
  /PreserveHalftoneInfo false
  /PreserveOPIComments true
  /PreserveOverprintSettings true
  /StartPage 1
  /SubsetFonts true
  /TransferFunctionInfo /Apply
  /UCRandBGInfo /Preserve
  /UsePrologue false
  /ColorSettingsFile ()
  /AlwaysEmbed [ true
  ]
  /NeverEmbed [ true
  ]
  /AntiAliasColorImages false
  /CropColorImages true
  /ColorImageMinResolution 300
  /ColorImageMinResolutionPolicy /OK
  /DownsampleColorImages true
  /ColorImageDownsampleType /Bicubic
  /ColorImageResolution 300
  /ColorImageDepth -1
  /ColorImageMinDownsampleDepth 1
  /ColorImageDownsampleThreshold 1.50000
  /EncodeColorImages true
  /ColorImageFilter /DCTEncode
  /AutoFilterColorImages true
  /ColorImageAutoFilterStrategy /JPEG
  /ColorACSImageDict <<
    /QFactor 0.15
    /HSamples [1 1 1 1] /VSamples [1 1 1 1]
  >>
  /ColorImageDict <<
    /QFactor 0.15
    /HSamples [1 1 1 1] /VSamples [1 1 1 1]
  >>
  /JPEG2000ColorACSImageDict <<
    /TileWidth 256
    /TileHeight 256
    /Quality 30
  >>
  /JPEG2000ColorImageDict <<
    /TileWidth 256
    /TileHeight 256
    /Quality 30
  >>
  /AntiAliasGrayImages false
  /CropGrayImages true
  /GrayImageMinResolution 300
  /GrayImageMinResolutionPolicy /OK
  /DownsampleGrayImages true
  /GrayImageDownsampleType /Bicubic
  /GrayImageResolution 300
  /GrayImageDepth -1
  /GrayImageMinDownsampleDepth 2
  /GrayImageDownsampleThreshold 1.50000
  /EncodeGrayImages true
  /GrayImageFilter /DCTEncode
  /AutoFilterGrayImages true
  /GrayImageAutoFilterStrategy /JPEG
  /GrayACSImageDict <<
    /QFactor 0.15
    /HSamples [1 1 1 1] /VSamples [1 1 1 1]
  >>
  /GrayImageDict <<
    /QFactor 0.15
    /HSamples [1 1 1 1] /VSamples [1 1 1 1]
  >>
  /JPEG2000GrayACSImageDict <<
    /TileWidth 256
    /TileHeight 256
    /Quality 30
  >>
  /JPEG2000GrayImageDict <<
    /TileWidth 256
    /TileHeight 256
    /Quality 30
  >>
  /AntiAliasMonoImages false
  /CropMonoImages true
  /MonoImageMinResolution 1200
  /MonoImageMinResolutionPolicy /OK
  /DownsampleMonoImages true
  /MonoImageDownsampleType /Bicubic
  /MonoImageResolution 1200
  /MonoImageDepth -1
  /MonoImageDownsampleThreshold 1.50000
  /EncodeMonoImages true
  /MonoImageFilter /CCITTFaxEncode
  /MonoImageDict <<
    /K -1
  >>
  /AllowPSXObjects false
  /CheckCompliance [
    /None
  ]
  /PDFX1aCheck false
  /PDFX3Check false
  /PDFXCompliantPDFOnly false
  /PDFXNoTrimBoxError true
  /PDFXTrimBoxToMediaBoxOffset [
    0.00000
    0.00000
    0.00000
    0.00000
  ]
  /PDFXSetBleedBoxToMediaBox true
  /PDFXBleedBoxToTrimBoxOffset [
    0.00000
    0.00000
    0.00000
    0.00000
  ]
  /PDFXOutputIntentProfile ()
  /PDFXOutputConditionIdentifier ()
  /PDFXOutputCondition ()
  /PDFXRegistryName ()
  /PDFXTrapped /False

  /CreateJDFFile false
  /Description <<

    /BGR <>
    /CHS <FEFF4f7f75288fd94e9b8bbe5b9a521b5efa7684002000410064006f006200650020005000440046002065876863900275284e8e9ad88d2891cf76845370524d53705237300260a853ef4ee54f7f75280020004100630072006f0062006100740020548c002000410064006f00620065002000520065006100640065007200200035002e003000204ee553ca66f49ad87248672c676562535f00521b5efa768400200050004400460020658768633002>
    /CHT <FEFF4f7f752890194e9b8a2d7f6e5efa7acb7684002000410064006f006200650020005000440046002065874ef69069752865bc9ad854c18cea76845370524d5370523786557406300260a853ef4ee54f7f75280020004100630072006f0062006100740020548c002000410064006f00620065002000520065006100640065007200200035002e003000204ee553ca66f49ad87248672c4f86958b555f5df25efa7acb76840020005000440046002065874ef63002>
    /CZE <>
    /DAN <>
    /DEU <>
    /ESP <>
    /ETI <>
    /FRA <>
    /GRE <>

    /HRV (Za stvaranje Adobe PDF dokumenata najpogodnijih za visokokvalitetni ispis prije tiskanja koristite ove postavke.  Stvoreni PDF dokumenti mogu se otvoriti Acrobat i Adobe Reader 5.0 i kasnijim verzijama.)
    /HUN <>
    /ITA <>
    /JPN <FEFF9ad854c18cea306a30d730ea30d730ec30b951fa529b7528002000410064006f0062006500200050004400460020658766f8306e4f5c6210306b4f7f75283057307e305930023053306e8a2d5b9a30674f5c62103055308c305f0020005000440046002030d530a130a430eb306f3001004100630072006f0062006100740020304a30883073002000410064006f00620065002000520065006100640065007200200035002e003000204ee5964d3067958b304f30533068304c3067304d307e305930023053306e8a2d5b9a306b306f30d530a930f330c8306e57cb30818fbc307f304c5fc59808306730593002>
    /KOR <FEFFc7740020c124c815c7440020c0acc6a9d558c5ec0020ace0d488c9c80020c2dcd5d80020c778c1c4c5d00020ac00c7a50020c801d569d55c002000410064006f0062006500200050004400460020bb38c11cb97c0020c791c131d569b2c8b2e4002e0020c774b807ac8c0020c791c131b41c00200050004400460020bb38c11cb2940020004100630072006f0062006100740020bc0f002000410064006f00620065002000520065006100640065007200200035002e00300020c774c0c1c5d0c11c0020c5f40020c2180020c788c2b5b2c8b2e4002e>
    /LTH <>
    /LVI <>
    /NLD (Gebruik deze instellingen om Adobe PDF-documenten te maken die zijn geoptimaliseerd voor prepress-afdrukken van hoge kwaliteit. De gemaakte PDF-documenten kunnen worden geopend met Acrobat en Adobe Reader 5.0 en hoger.)
    /NOR <>
    /POL <>
    /PTB <>
    /RUM <>
    /RUS <>
    /SKY <>
    /SLV <>
    /SUO <>
    /SVE <>
    /TUR <>
    /UKR <>
    /ENU (Use these settings to create Adobe PDF documents best suited for high-quality prepress printing.  Created PDF documents can be opened with Acrobat and Adobe Reader 5.0 and later.)
  >>
  /Namespace [
    (Adobe)
    (Common)
    (1.0)
  ]
  /OtherNamespaces [
    <<
      /AsReaderSpreads false
      /CropImagesToFrames true
      /ErrorControl /WarnAndContinue
      /FlattenerIgnoreSpreadOverrides false
      /IncludeGuidesGrids false
      /IncludeNonPrinting false
      /IncludeSlug false
      /Namespace [
        (Adobe)
        (InDesign)
        (4.0)
      ]
      /OmitPlacedBitmaps false
      /OmitPlacedEPS false
      /OmitPlacedPDF false
      /SimulateOverprint /Legacy
    >>
    <<
      /AddBleedMarks false
      /AddColorBars false
      /AddCropMarks false
      /AddPageInfo false
      /AddRegMarks false
      /ConvertColors /ConvertToCMYK
      /DestinationProfileName ()
      /DestinationProfileSelector /DocumentCMYK
      /Downsample16BitImages true
      /FlattenerPreset <<
        /PresetSelector /MediumResolution
      >>
      /FormElements false
      /GenerateStructure false
      /IncludeBookmarks false
      /IncludeHyperlinks false
      /IncludeInteractive false
      /IncludeLayers false
      /IncludeProfiles false
      /MultimediaHandling /UseObjectSettings
      /Namespace [
        (Adobe)
        (CreativeSuite)
        (2.0)
      ]
      /PDFXOutputIntentProfileSelector /DocumentCMYK
      /PreserveEditing true
      /UntaggedCMYKHandling /LeaveUntagged
      /UntaggedRGBHandling /UseDocumentProfile
      /UseDocumentBleed false
    >>
  ]
>> setdistillerparams
<<
  /HWResolution [2400 2400]
  /PageSize [612.000 792.000]
>> setpagedevice


